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Abstract— This paper presents design conditions to ad-
dress the robust leader-follower consensus problem in un-
certain Multi-Agent Systems (MASs) with bounded gains
and nonlinear interactions. The gains are restricted to an
interval of values determined by either parameter uncer-
tainties or the constraints of the agents, inherent in an
industrial setting. Additionally, we model the unavoidable
nonlinear uncertainties in MAS and its communication ar-
chitecture using incremental sector-bounded time-varying
nonlinear functions, which are particularly well-suited for
relative state information-based cooperative protocols. By
leveraging Lyapunov stability theory and the Linear Matrix
Inequality (LMI) technique, we establish LMI conditions for
the distributed design of control gains for both leader and
followers. The proposed LMIs exhibit scalability, as they
remain independent of the number of nodes and do not ne-
cessitate global information regarding the Laplacian eigen-
values, making them well-suited for the design of industrial
large-scale MASs. Finally, we numerically and experimen-
tally validate the proposed design approach for paradig-
matic scenarios: industrial warehouse inventory manage-
ment systems and leader-follower algorithm for smart grid
and decision-making management applications.

keyword Distributed design, uncertainties, constraints,
cyber-physical systems, industrial applications, multi agent
systems, LMIs, leader-follower consensus.

I. INTRODUCTION

Many industrial and civil cyber-physical systems of practical
interest can be modeled as networks and/or Multi Agent
Systems (MASs). For such systems, distributed strategies have
been proposed to solve agreement problems (i.e. consen-
sus/synchronization) when the control is applied to network
nodes (leaderless consensus) and/or to a small fraction of
agents (leader follower consensus or pinning control, see
i.e [1], [2] and references therein). Many works extend the
solution of consensus problems to the uncertain MAS sce-
narios where the system at node presents nonlinear or Lure-
like uncertainty (see i.e. [3]–[6] and references therein). The
consensus problem can be rephrased as stabilization problem
of the system error between the state variable of interest and
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the agreement equilibrium in order to provide LMI conditions
for closed loop network stabilization ( [4], [7], [8] [9]–
[12], just to cite a few). In [7] authors propose an approach
to analyze and design distributed robust consensus control
algorithms for MASs subject to relative state constraints, mod-
eled by Lure-like sector-bounded functions. Other approaches
provided conditions that require network global information
related to the graph Laplacian matrix ( [4], [12], [13]) or that
could be difficult to test [8].
Recently a class of Lure-like nonlinearity has been consid-
ered, named incremental nonlinear sector bounded ( [14],
[15]), more natural in the context of agreement problems
characterized by relative state information-based protocols. In
[14] incremental nonlinearities are considered at node and
sufficient LMI conditions, independent from the number of
agents, are formulated to assess synchronization of undirected
networks. One drawback is that they depend on the smallest
nonzero and largest Laplacian eigenvalues thus requiring a
priori knowledge of the network graph. The framework is
extended to direct strongly connected networks in the presence
of disturbance in [15]. Therein LMI conditions are proposed
for global consensus with the protocol gain depending on
the graph algebraic connectivity, which might not be easy
to compute. To overcome the above Laplacian-based strate-
gies that require the knowledge of global information about
the Laplacian matrix, adaptive laws for gains or coupling
strengths, say ci, adjustment can be devised when ci are free
parameters to be designed (i.e. [16], [9], [11], [17]).

In many real industrial and civil MAS applications the
system at node, the gains and the information propagated
through the protocol could be subject to given uncertainties,
for instance due to distortion of communication channels,
model system and actuator parameter mismatches, spread out
of agents’ uncertainties to their own neighbors through the
interaction protocol ( [17], [18], [7], [4], [19]). In addition, the
coupling strengths could be intrinsically heterogeneous (i.e.
due to different sizes of the systems), lower and upper bounded
to account for some agent constraints [20] (i.e. for mobile
robots, due to minimal inertia and boundedness of control
inputs). This restricts the coupling strengths to specified values
within a given interval. In such scenarios, ci are no longer
free parameters to be used for the above Laplacian-based
strategies where the tuning of ci is carried out accounting
for global information about the network graph. Similarly,
the cited adaptive coupling strengths schemes are not easy



to apply because they are not originally designed to account
for ci restricted to a given bounded interval: for instance the
final value of ci cannot be determined a priori to belong to a
specific constrained, bounded interval.

In this respect, the paper’s contributions are:
1) differently from the above frameworks considered in the

literature, herein we deal with uncertain multi-agent systems
simultaneously characterized by i) bounded gains and non-
linear uncertainties in the agent and information propagated
through the consensus protocol. Specifically, the gains ci are
restricted to a given interval of values because either they are
subject to bounded uncertainties or they have to cope with
specific agent’s constraint (i.e. actuator or input saturation).
In such scenarios the gains are no longer free parameters and
are restricted to a given bound, therefore Laplacian-depending
conditions and adaptive strategies cannot be easily applied.
The nonlinear uncertainties of MAS and its communication
architecture affecting the protocol are modelled by incremental
time-varying nonlinear uncertainties;
2) LMI design conditions are formulated to design in a
distributed way the free (Leader and followers) protocol gains
in order to assess the robust leader-follower consensus. The
solution to LMIs is distributed and does not require global
information about the Laplacian eigenvalues. It relies only on
extremal values related to the degrees and coupling strengths,
such as maximum and minimum values, that are more easily
determined or estimated in a distributed manner. The proposed
LMI conditions are low computationally demanding as their
number and size are independent on the network size. This
makes them scalable and suitable also for large scale industrial
and civil MASs. Differently than passivity based approaches,
there is no assumption about the passivity of an isolated node
or the network topological symmetry (e.g. the graph can be
directed). The rest of paper is outlined as follows. In Sec. II
the notation and problem statement are introduced. In Sec. III
LMI conditions for robust leader follower consensus design
are formulated. Finally application of the design conditions to
two representative industrial scenarios is shown in Sec. IV,
while conclusions are outlined in Sec. V.

II. NOTATION AND PROBLEM STATEMENT

Throughout the paper Rn denotes the n dimensional space
with real coordinates and C− stands for the complex set with
nonpositive real parts. All column vectors x are assumed to be
real with xi being the i-component. (·)T , |(·)| and ∥(·)∥ denote
the transpose, the absolute value and the euclidean norm of x,
respectively. We use upper letter to denote matrix and write
I (resp. 0) for the identity (resp. null) matrix of opportune
dimensions. ∥M∥ is the induced 2-norm of a matrix M ∈
Rm×n. A square real symmetric matrix A is definite positive
(negative) if xTAx > 0 (xTAx < 0) for all non-zero vectors
x ∈ Rn. The notation A ≥ B (≤) means A − B is positive
(negative) semidefinite matrix. Let a real square matrix A,
As = A + AT denotes the double of the symmetric part of
A. λn(A) denotes the eigenvalue of a matrix A with largest
real part. For a finite set V , |V | denotes the cardinality of V .
Let G(V,E,Ad) be a directed graph (digraph) with the set of

nodes V = {1, ..., N}, set of edges E ⊆ V ×V . The network
adjacency matrix is denoted by Ad = [adij ] with element adij =
1 if there is an edge from vertex j (node parent) into vertex i
(node child), and adij = 0 otherwise. The Laplacian L is the
matrix of elements lij so that lij =

∑N
j=1,j ̸=i a

d
ij for i = j

and lij = −adij for i ̸= j. Clearly L is a zero row sums matrix
with non-positive off-diagonal elements. Herein we consider
that two nodes i and j are connected if there exists a (directed
or undirected) link connecting them, namely adij+adji > 0 and
we define the set of nodes connected to node i as Dc

i = {j ∈
V : adij+adji > 0}. The connectivity degree of node i is defined
as di = |Dc

i |. The set of in-neighbors of the i-th node is defined
as Ni

i = {j ∈ V : adij > 0}, with connectivity in-degree dii =

|Ni
i|. A graph G is called undirected if whenever (ni, nj) ∈ E,

(nj , ni) ∈ E as well. A digraph G is quasi-strongly connected
if there exists a node (root) from which any other node is
reachable. G has a spanning tree if there exists a spanning tree
that is a subgraph of G. Notice that the condition that G has
a spanning tree is equivalent to quasi-strongly connectedness.
Throughout the paper we consider digraphs with no self-loops
or multiple edges. Let the following model of direct MAS
composed of N dynamical followers and one leader:

ẋi(t) = Axi(t) +Bui(t) (1)
ẋ0(t) = Ax0(t) (2)

with xi ∈ Rn and ui ∈ Rq , i = 0, . . . , N (0 denotes the leader
agent), are the state and the manipulable control input of the
i-th follower, respectively. All matrices and parameters are
real. Let the network (1), to solve leader-follower consensus
problems means to design protocols to asymptotically control
the network’ followers to reference leader trajectory x0(t). In
order to ensure a finite consensus state are made the standard
assumptions:
[A1] The matrix pair (A,B) is stabilizable;
[A2] The digraph contains a direct spanning tree with leader
as root;
[A3] λn(A) ∈ C−.
The well known standard protocol is considered:

ui = −ciK
N∑
j=1

adij [xi(t) − xj(t)] − δiciK
L[xi(t) − x0(t)],

where K and KL are the protocol gains to be designed, ci > 0
is the node coupling strength between the i-th node and its
neighbors. The protocol is distributed as each agent i-th just
needs of information received from dii in-neighbor agents and
possibly from the leader (if δi = 1). However, the standard
protocol may no longer hold, as the information generated,
exchanged, or received by the agents may be affected by
the inherent uncertainties in both the agents and commu-
nication channels. These uncertainties capture the intrinsic
nonlinearity of agents and variations in signals that occur
during data transmission. The latter are caused by factors such
as fading, interference, Bit Error Rate, quantization errors,
and distortions in terms of amplitude, frequency, and phase,
as well as nonlinear behavior in situations with high signal
power [21], [22] (i.e. long distance communication as V2V
protocols for autonomous driving). Such features, assumed not
known exactly, can be well represented by Lure-like, static-



(*) Mpu =

 (AH)s+rH+dMcMη1I−2abdpp
m τI

dpp
M

cMdip
M (BT )+cMBS

dpp
m

+ (a+ b)τI

cMdip
M (BT )T+cM (BS)T

dpp
m

+ (a+ b)τI
dpp
M cMη2−2dpp

m τ

dpp
M

I

,Muu =

 (AH)s+rH+duuM cMη1I−2abduum τI
duu
M

cMdiuM (BT )
duum

+ (a+ b)τI

cMdiuM (BT )T

duum
+ (a+ b)τI

(d
p
M

+duuM )cMη2−2duum τ

duu
M

I


η1 = 1

σ1 + σ2γ; η2 = σ1γ + 1
σ2 for any fixed positive constants σ1, σ2

Parameter Meaning Parameter Meaning
duui connection degree of an unpinned node i and the rest of unpinned nodes cM maximum coupling strength value

duuM (duum ) maximum (minimum) connection degree among unpinned nodes dM (dm) maximum (minimum) connection degree
dppi connection degree of a pinned node i and the rest of pinned nodes diuM maximum input degree of unpinned nodes

dppM (dppm ) maximum (minimum) degree among pinned nodes dipM (dpM ) maximum input (connection) degree of pinned nodes

TABLE I

nonlinear, time-varying, piecewise continuous in t function:
ϕ(t, x) : [0,+∞] × Rn → Rn satisfying locally ∀ t ≥ 0,
x1, x2 ∈ U ⊆ Rn (or globally on all Rn) the incremental
sector bounded type condition [14], [15]:

[z1−z2−b(x1(t)−x2(t))][z1−z2−a(x1(t)−x2(t))] ≤ 0 (3)

with b > a ≥ 0, z1 = ϕ(t, x1(t)), z2 = ϕ(t, x2(t)). Therefore,
the protocol for each follower i becomes:

ui =− ciK

N∑
j=1

adij [ϕ(t, xi(t))− ϕ(t, xj(t))] (4)

− δiciK
L[ϕ(t, xi(t))− ϕ(t, x0(t))].

One of the advantages in using (3) lies in the fact that it
is not required knowledge of the exact function value of
ϕ, but only rely on bounding the function within a certain
range or sector of uncertainties (defined by the parameters a
and b). This offers a pragmatic approach by allowing control
engineers to work with bounded regions of system behavior
rather than requiring an in-depth understanding of the exact
functional form ϕ. In addition, the ”incremental” feature of the
considered sector-bounded functions is particularly suitable for
MAS distributed industrial applications where the error in the
state between two agents increases with the difference in their
state values. This concept applies, for instance, to scenarios
like sensor networks, multiple robots, autonomous networks,
swarms of drones and autonomous vehicles, where the error
increases as the difference in relative position and/or velocity
state becomes larger, also due to the disruption caused by the
nonideal channels. Therefore the function ϕ accounts for the
overall uncertainty that affects the information both generated
by a node i-th (e.g. ϕ(t, xi)) and propagated through the
protocol (4) (e.g. ϕ(t, xj)). In this respect ϕ encompasses both
time-varying nonlinear uncertainties due to the intrinsic node
nonlinearity and disruptions of communication channels.
Moreover, differently most of frameworks considered in the
literature, the coupling strength ci are heterogeneous and
restricted to belong a given range of values. Such bound
of values of ci could reflect nodes parameter mismatch,
uncertainties and heterogeneity, uncertainties in the designed
protocol gains KL and K due to actuators and protocol
implementation in real industrial scenarios, constraints due to
physical characteristics of the agent and actuators (i.e. inertia,

input saturation). Under this scenario of uncertain MASs, the
aim is to solve the leader-followers design problem. For sake
of presentation, when no confusion arises, we will omit the
explicit dependence of ϕ and x on t. We need to give and
recall the following definitions and preliminary results.

Definition 1 (Robust leader follower consensus): The
Lure-like uncertain MAS described by (1)-(2)-(4) with
bounded heterogeneous coupling strengths ci, achieves global
(resp. local) robust leader follower consensus if the followers’
state exponentially converges to the leader trajectory in
the presence of uncertainties in (4), globally (resp. locally)
fulfilling condition (3).

Problem 2 (Problem Design): Let the MAS described by
(1)-(2)-(4) with incremental nonlinear uncertainties (3) in the
protocol (4) and bounded heterogeneous coupling strengths
ci, design the control gain K and KL such that the network
achieves robust leader-follower consensus.

Lemma 3: ( [23]) The Linear Matrix Inequality (LMI):[
Q(x) S(x)
ST (x) R(x)

]
< 0,

where Q(x) = QT (x), R(x) = RT (x) is an invertible matrix
and S(x) depend affinely on x, is equivalent to the following
condition: R(x) < 0, Q(x)− S(x)R(x)−1ST (x) < 0.

Observation 4: ( [24]) Let a square negative definite matrix
T ∈ Rn×n, then NTTN is negative semidefinite for any
matrix N ∈ Rn×m.

Observation 5: ( [24]) Given two vectors u, v ∈ Rn and
a matrix W ∈ Rn×n, from linear algebra for any σ > 0 it

results: 2uTWT v ≤ σuTWTWu+
1

σ
vT v.

III. DESIGN CONDITIONS FOR ROBUST
LEADER-FOLLOWER CONSENSUS

Herein we deal with Problem 2 and formulate LMI design
conditions to achieve robust leader follower consensus. In the
following it is assumed w.l.o.g. that the first 1 ≤ l ≤ N
nodes are pinned (or connected to the leader), namely δi = 1,
i = 1, ..., l and δi = 0, i = l+1, ..., N and we will define the
set of pinned and unpinned nodes as: Dp = {1, 2 . . . , l} and
Du = {l+1, 2, . . . , N}. Moreover for the sake of presentation
we introduce notations about connectivity degree among the
unpinned and pinned nodes (resp. maximum and minimum)
values: duui = |{j ∈ Du : adij + adji > 0}| for a fixed i ∈ Du



(duuM := maxi d
uu
i , duum := mini d

uu
i ); dppi = |{j ∈ Dp :

adij + adji > 0}| for a fixed i ∈ Dp, (dppM := maxi d
pp
i , dppm :=

mini d
pp
i ); dpi = |{j ∈ Dp : adij + apji > 0}| for a fixed i ∈ V

(dpM := maxi d
p
i , dpm := mini d

u
i ); diui = |Ni|, for a fixed

i ∈ Du (diuM = maxid
iu
i ); dipi = |Ni|, for a fixed i ∈ Dp

(dipM = maxid
ip
i ); dM = maxidi; cM = maxi ci. For the

uncommon scenario of single pinned (resp. unpinned) node,
the parameters dppm , dppM , dipM and dpM (resp. duum , duuM , diuM and
duM ) are conventionally assumed equal to 1. In Table I the main
parameters used throughout the manuscript are summarised.

In the following, we will present a result addressing the
design of K and KL to robustly stabilize the uncertain MAS.

Theorem 6: Let the closed loop MAS (1)-(2)-(4) and posi-
tive scalar r, if there exist positive constants τ and γ, matrices
S, T and H = HT > 0 solutions to the following LMIs:

Mpu < 0 (5)
Muu < 0 (6)
(BS)s ≥ 0 (7)
(BT )s ≥ 0 (8)[

I (BT )T

BT γI

]
≥ 0 (9)

with Mpu and Muu defined in box (*) and all other terms in
Table I, then the MAS achieves global (resp. local) robust
exponential leader-follower consensus for all nodes initial
conditions belong to Rn (resp. U) if the condition (3) is
global (resp. local). The robust global (local) leader-following
consensus is achieved with a rate proportional to r and the
control gains are designed as: KL = SH−1 and K = TH−1.

Proof: We recast the leader-follower consensus problem
in terms of stabilization problem by introducing the agreement
error ei(t) = xi(t)− x0(t). Being

∑N
j=1 lijϕ(x0(t)) = 0, the

equation describing the closed-loop network dynamics under
protocol (4) becomes:

ėi(t) = Aei(t)− ciBK
∑
j∈Ni

lij(ϕ(xj)− ϕ(x0))

− δiciBKL(ϕ(xi)− ϕ(x0)), i = 1, 2, . . . , N

(10)

The candidate Lyapunov function L =
∑N

i=1 e
T
i H

−1ei for
system (10) is considered, with H symmetric definite positive
matrix of opportune dimensions. Then it results:
L̇+ rL =

∑N
i=1 e

T
i

(
ATH−1 +H−1A

)
ei

−
∑N

i=1 δici(ϕ(xi)− ϕ(x0))
T
(
BKL

)T
H−1ei

−
∑N

i=1

(
ciBK

∑N
j=1 lij(ϕ(xj)− ϕ(x0))

)T

H−1ei

−
∑N

i=1 δicie
T
i H

−1BKL(ϕ(xi)− ϕ(x0))

−
∑N

i=1 cie
T
i H

−1BK
∑N

j=1 lij(ϕ(xj)− ϕ(x0))

+ r
∑N

i=1 e
T
i H

−1ei
In order to make the LMI linear with respect variables

depending on control gains K and KL, we firstly recast the
above derivation as:
L̇+ rL =

∑N
i=1 e

T
i H

−1
(
HAT +AH

)
H−1ei

−
∑N

i=1 δici(ϕ(xi)− ϕ(x0))
TH−1H

(
BKL

)T
H−1ei

−
∑N

i=1

(
ciBKH

∑N
j=1 lijH

−1(ϕ(xj)− ϕ(x0))
)T

H−1ei

−
∑N

i=1 δicie
T
i H

−1BKLHH−1(ϕ(xi)− ϕ(x0))

−
∑N

i=1 cie
T
i H

−1BKH
∑N

j=1 lijH
−1(ϕ(xj)− ϕ(x0))

+ r
∑N

i=1 e
T
i H

−1HH−1ei
Let S = KLH , T = KH , the change of variable ẽi =

H−1ei, ϕ̃i0 = H−1(ϕ(xi)−ϕ(x0)) for any i, and taking into
account the definition of set Dp and Du, it results:
L̇+ rL =

∑
i∈Dp

ẽTi ((AH)s + rH)ẽi

−
∑

i∈Dp
ẽTi (d

i
iciBT + ciBS)ϕ̃i0 −

∑
i∈Dp

ϕ̃T
i0(d

i
iciBT

+ ciBS)T ẽi +
∑

i∈Du
ẽTi ((AH)s + rH)ẽi

−
∑

i∈Du
diiciẽ

T
i (BT )ϕ̃i0 −

∑
i∈Du

diiciϕ̃
T
i0(BT )T ẽi

+
∑N

i=1 ci

(∑N
j=1 a

d
ijBTϕ̃j0

)T

ẽi

+
∑N

i=1 ẽ
T
i ci

(∑N
j=1 a

d
ijBTϕ̃j0

)
From definition of Dp, Du, Dc

i , dppi , duui , the above
derivation may be recast as:
L̇+ rL =

∑
i∈Dp

∑
j∈Dc

i

⋂
Dp,

j>i

[
1

dpp
i

(
ẽTi ((AH)s

+ rH)ẽi − diiciẽ
T
i (BT )ϕ̃i0

− ciẽ
T
i (BS)ϕ̃i0 −diiciϕ̃

T
i0(BT )T ẽi − ciϕ̃

T
i0(BS)T ẽi

)
+ 1

dpp
j

(
ẽTj ((AH)s + rH)ẽj − dijcj ẽ

T
j (BT )ϕ̃j0

− cj ẽ
T
j (BS)ϕ̃j0 −dijcj ϕ̃

T
j0(BT )T ẽj − cj ϕ̃

T
j0(BS)T ẽj

)]
+

∑
i∈Dp

∑
j∈Dc

i
j>i

(
ẽTi

(
cia

d
ijBT + cja

d
ji(BT )T

)
ϕ̃j0+

ϕ̃T
j0

(
cja

d
jiBT + cia

d
ij(BT )T

)
ẽi

)
+

∑
i∈Du

∑
j∈Dc

i

⋂
Du,

j>i

[
1

duu
i

(
ẽTi ((AH)s + rH)ẽi

− diiciẽ
T
i (BT )ϕ̃i0 − diiciϕ̃

T
i0(BT )T ẽi

)
+ 1

duu
j

(
ẽTj ((AH)s + rH)ẽTj −

dijcj ẽ
T
j (BT )ϕ̃j0 − dijcj ϕ̃

T
j0(BT )T ẽj

) ]
+

∑
i∈Du

∑
j∈Dc

i

⋂
Du,j>i

(
ẽTi

(
cia

d
ijBT + cja

d
ji(BT )T

)
ϕ̃j0

+ϕ̃T
j0

(
cja

d
jiBT + cia

d
ij(BT )T

)
ẽi

)
(D1)

Now let’s consider the following term in the above deriva-
tion (D1):∑

i∈Dp

∑
j∈Dc

i ,
j>i

(
ẽTi

(
cia

d
ijBT + cja

d
ji(BT )T

)
ϕ̃j0 (11)

+ ϕ̃T
j0

(
cja

d
jiBT + cia

d
ij(BT )T

)
ẽi

)
Let any σ1

ij > 0 and σ2
ij > 0, from Observation 5 the terms

in (11) may be bounded as:
ẽTi

(
cia

d
ijBT + cja

d
ji(BT )T

)
ϕ̃j0

≤ cia
d
ij

σ1
ij

2 ϕ̃T
j0(BT )T (BT )ϕ̃j0 + cia

d
ij

1
2σ1

ij
ẽTi ẽi

+ cja
d
ji

σ2
ij

2 ẽTi (BT )T (BT )ẽi + cja
d
ji

1
2σ2

ij
ϕ̃T
j0ϕ̃j0

≤ cia
d
ij

σ1
ij

2 γϕ̃T
j0ϕ̃j0 + cia

d
ij

1
2σ1

ij
ẽTi ẽi + cja

d
ji

σ2
ij

2 γẽTi ẽi

+ cja
d
ji

1
2σ2

ij
ϕ̃T
j0ϕ̃j0, where the last inequality follows

from LMI (9). Therefore (11) can be bounded as:∑
i∈Dp

∑
j∈Dc

i ,
j>i

(
ẽTi

(
cia

d
ijBT + cja

d
ji(BT )T

)
ϕ̃j0

+ ϕ̃T
j0

(
cja

d
jiBT + cia

d
ij(BT )T

)
ẽi

)
≤

∑
i∈Dp

∑
j∈Dc

i ,
j>i

(
cia

d
ijσ

1
ijγϕ̃

T
j0ϕ̃j0 + cia

d
ij

1
σ1
ij
ẽTi ẽi
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duuj

(d
p
M

+duuM )cMη2I

duuj



+cja
d
jiσ

2
ijγẽ

T
i ẽi + cja

d
ji

1
σ2
ij
ϕ̃T
j0ϕ̃j0

)
=∑

i∈Dp

∑
j∈Dc

i ,
j>i

(
cia

d
ij

1
σ1
ij
ẽTi ẽi + cja

d
jiσ

2
ijγẽ

T
i ẽi

)
+

∑
i∈Dp

∑
j∈Dc

i ,
j>i

(
cia

d
ijσ

1
ijγϕ̃

T
j0ϕ̃j0 + cja

d
ji

1
σ2
ij
ϕ̃T
j0ϕ̃j0

)
≤

∑
i∈Dp

cMdi
(

1
σ1 + σ2γ

)
ẽTi ẽi +

∑
j

cMdpj
(
σ1γ + 1

σ2

)
ϕ̃T
j0ϕ̃j0

≤ dMcMη1
∑
i∈Dp

ẽTi ẽi + dpMcMη2
∑
j

ϕ̃T
j0ϕ̃j0, (12)

with η1 = 1
σ1 + σ2γ, η2 = σ1γ + 1

σ2 , cM = maxi ci, d
p
M =

maxi d
p
i , dM = maxi di. The last inequalities follow from the

semi-definite positiveness of ẽTi ẽi and ϕ̃T
j0ϕ̃j0, considering that

maxi∈Dp di ≤ dM and assuming, for the sake of simplicity,
the arbitrary constants σ1

ij = σ1,σ2
ij = σ2 for all i, j. A similar

conclusion can be derived for the last double sum term in
derivation (D1):∑

i∈Du

∑
j∈Dc

i

⋂
Du,

j>i

(
ẽTi

(
cia

d
ijBT + cja

d
ji(BT )T

)
ϕ̃j0

+ ϕ̃T
j0

(
cja

d
jiBT + cia

d
ij(BT )T

)
ẽTi

)
≤

∑
i∈Du

cMduui
(

1
σ1 + σ2γ

)
ẽTi ẽi

+
∑

j∈Du

cMduuj
(
σ1γ + 1

σ2

)
ϕ̃T
j0ϕ̃j0

≤ duuM cMη1
∑
iu

ẽTi ẽi + duuM cMη2
∑
j∈Du

ϕ̃T
j0ϕ̃j0 (13)

Exploiting bounds (12) and (13) in derivation (D1) it results:
L̇+ rL ≤

∑
i∈Dp

∑
j∈Dc

i

⋂
Dp,

j>i

[
1

dpp
i

(
ẽTi ((AH)s + rH)ẽi

− diiciẽ
T
i (BT )ϕ̃i0 − ciẽ

T
i (BS)ϕ̃i0

−diiciϕ̃
T
i0(BT )T ẽi − ciϕ̃

T
i0(BS)T ẽi

)
+ 1

dpp
j

(
ẽTj (AH)s + rH)ẽj − dijcj ẽ

T
j (BT )ϕ̃j0 − cj ẽ

T
j (BS)ϕ̃j0

−dijcj ϕ̃
T
j0(BT )T ẽj − cj ϕ̃

T
j0(BS)T ẽj

)]
+dMcMη1

∑
i∈Dp

ẽTi ẽi

+ dpMcMη2
∑

j∈Dp

ϕ̃T
j0ϕ̃j0 + dpMcMη2

∑
j∈Du

ϕ̃T
j0ϕ̃j0

+
∑

i∈Du

∑
j∈Dc

i

⋂
Du,

j>i

[
1

duu
i

(
ẽTi ((AH)s + rH)ẽi

−diiciẽ
T
i (BT )ϕ̃i0 − diiciϕ̃

T
i0(BT )T ẽi

)
+ 1

duu
j

(
ẽTj ((AH)s + rH)ẽj − dijcj ẽ

T
j (BT )ϕ̃j0

−dijcj ϕ̃
T
j0(BT )T ẽj

)]
+ duuM cMη1

∑
i∈Du

ẽTi ẽi + duuM cMη2
∑

j∈Du

ϕ̃T
j0ϕ̃j0 =∑

i∈Dp

∑
j∈Dc

i

⋂
Dp,

j>i

[
1

dpp
i

(
ẽTi ((AH)s + rH + dMcMη1I)ẽi

− diiciẽ
T
i (BT )ϕ̃i0 − ciẽ

T
i (BS)ϕ̃i0 − diiciϕ̃

T
i0(BT )T ẽi

−ciϕ̃
T
i0(BS)T ẽi + dpMcMη2ϕ̃

T
i0ϕ̃i0

)
+ 1

dpp
j

(
ẽTj (AH)s + rH + dMcMη1I)ẽj

− dijcj ẽ
T
j (BT )ϕ̃j0 − cj ẽ

T
j (BS)ϕ̃j0 − dijcj ϕ̃

T
j0(BT )T ẽj

−cj ϕ̃
T
j0(BS)T ẽj + dpMcMη2ϕ̃

T
j0ϕ̃j0

)]
(S1)

+
∑

i∈Du

∑
j∈Dc

i

⋂
Du,

j>i

[
1

duu
i

(
ẽTi ((AH)s + rH + duuM cMη1I)ẽi

−diiciẽ
T
i (BT )ϕ̃i0−diiciϕ̃

T
i0(BT )T ẽi+(dpM+duuM )cMη2ϕ̃

T
i0ϕ̃i0

+ 1
duu
j

(
ẽTj ((AH)s + rH + duuM cMη1I)ẽ

T
j − dijcj ẽ

T
j (BT )ϕ̃j0

−dijcj ϕ̃
T
j0(BT )T ẽj + (dpM + duuM )cMη2ϕ̃

T
j0ϕ̃j0

)]
(S2)

Let x̃i = [ẽTi ϕ̃T
i0]

T , x̃ij = [x̃T
i x̃T

j ]
T , the double sum term

(S1) in the above derivation may be recast as the quadratic
form:

∑
i∈Dp

∑
j∈Dc

i

⋂
Dp,j>i

x̃T
ijM

pu
ij x̃ij where Mpu

ij is defined

by (∗∗) (defined on the top of the page). Similar recasting
may be carried out for the double sum term (S2) with Muu

ij

defined by (∗∗). Hence, let L̃ = L̇+ rL, it is derived:

L̃ ≤
∑
i∈Dp

∑
j∈Dc

i

⋂
Dp,

j>i

x̃T
ijM

pu
ij x̃ij +

∑
i∈Du

∑
j∈Dc

i

⋂
Du,

j>i

x̃T
ijM

uu
ij x̃ij

(14)

Additionally, conditions (3) applied to ϕi0 = ϕ(t, xi) −
ϕ(t, x0) = ϕ(t, ei+x0)−ϕ(t, x0) may be recast for any t ≥ 0,
i, ei, x0 as: aei ≤ ϕi0 ≤ bei ( [4], [9], [13]), or equivalently
2[ϕi0 − bei]

T [ϕi0 − aei] ≤ 0. The latter is equivalent to re-

quire:
[

ei
ϕi0

]T
Φ

[
ei
ϕi0

]
≤ 0, with Φ =

[
2abI −(a+ b)I

−(a+ b)I 2I

]
.

If the above constraints hold from condition (3), then
from Observation 4 and definite positiveness of H−1 it re-

sults:
[

ei
ϕi0

]T [
H−1 0
0 H−1

]
Φ

[
H−1 0
0 H−1

] [
ei
ϕi0

]
≤ 0,

or equivalently: x̃T
i Φx̃i ≤ 0, that in turns implies for all i, j:

x̃T
ijΦ̃x̃ij ≤ 0 (15)

with Φ̃ = diag{Φ,Φ} symmetric semidefinite negative block

———————Definition of Matrices M̃pu
ij , M̃pu

i , M̃uu
ij , M̃uu

i . Similar definition holds for M̃uu
j and M̃pu

j ———————

M̃pu
ij = Mpu

ij − τ Φ̃ =

[
M̃pu

i 0

0 M̃pu
j

]
, M̃pu

i =

[
Mpu

1 Mpu
2

(Mpu
2 )T Mpu

3

]
=

 (AH)s+rH+dMcMη1I
dpp
i

− 2abτI − cid
i
i(BT )+ciBS

dpp
i

+ (a+ b)τI

− cid
i
i(BT )T+ci(BS)T

dpp
i

+ (a+ b)τI
dp
McMη2I

dpp
i

− 2τI


M̃uu

ij = Muu
ij − τ Φ̃ =

[
M̃uu

i 0

0 M̃uu
j

]
, M̃uu

i =

[
Muu

1 Muu
2

(Muu
2 )T Muu

3

]
=

 (AH)s+rH+duu
M cMη1I

duu
i

− 2abτI − cid
i
i(BT )
duu
i

+ (a+ b)τI

− cid
i
i(BT )T

duu
i

+ (a+ b)τI
(dp

M+duu
M )cMη2I

duu
i

− 2τI





matrix of opportune dimension. The exponential convergence
to the consensus equilibrium at rate depending on scalar
r > 0 is guaranteed if L̃ = L̇ + rL ≤ 0. Applying the S-
Procedure ( [23]), the latter inequality is assessed accounting
for constraints (15) by requiring:

L̃ ≤ τ
∑
i∈Dp

∑
j∈Dc

i

⋂
Dp,

j>i

x̃T
ijΦ̃x̃ij + τ

∑
i∈Du

∑
j∈Dc

i

⋂
Du,

j>i

x̃T
ijΦ̃x̃ij ,

with τ > 0 is a scalar variable to be determined. From (14)
and (15) the latter inequality is guaranteed if the following
holds:∑
i∈Dp

∑
j∈Dc

i

⋂
Dp,

j>i

x̃T
ijM̃

pu
ij x̃ij +

∑
i∈Du

∑
j∈Dc

i

⋂
Du,

j>i

x̃T
ijM̃

uu
ij x̃ij ≤ 0,

(16)

where matrices M̃pu
ij and M̃uu

ij are defined on the bottom of the
previous page. The inequality (16) is fulfilled if matrices M̃pu

ij

and M̃uu
ij are definite negative for all i, j. This is equivalent to

require the definite negativeness of matrices M̃pu
i , M̃pu

j ,M̃uu
i

and M̃uu
j . The aim is to prove that the latter condition is

guaranteed if LMIs (5) and (6) hold.
Let the sub-matrix M̃uu

i of M̃uu
ij as defined on the bot-

tom of the previous page. Firstly observe that (Muu
3 )−1 =

duu
i

(dp
M+duu

M )cMη2−2duu
i τ

I = m3I < 0 is a diagonal matrix
that is definite negative from LMI (6). Indeed a necessary
condition for LMI (6) to hold is (dpM+duuM )cMη2−2duum τ < 0
being duuM > 0. Therefore from 0 < duum ≤ duui it results:
(dpM+duuM )cMη2−2duui τ < (dpM+duuM )cMη2−2duum τ < 0 that
yields m3 < 0. Hence, from the Schur complement (Lemma
3) the condition M̃uu

i < 0 is equivalent to the following:

MSchur = Muu
1 − (Muu

2 )(Muu
3 )−1(Muu

2 )T < 0

Notice that Muu
1 =

(AH)s+rH+duu
M cMη1I

duu
i

−
2abτI =

(AH)s+rH−2abduu
i τI+duu

M cMη1I
duu
i

≤
(AH)s+rH−2abduu

m τI+duu
M cMη1I

duu
M

< 0 where the inequalities
derive from definite positiveness of τI , condition LMI
(6), and being duui ≤ duuM , duum ≤ duui . Additionally, from
Observation (4) it results: −(Muu

2 )(Muu
3 )−1(Muu

2 )T ≥ 0.
Therefore such term may be bounded as:

−(Muu
2 )(Muu

3 )−1(Muu
2 )T = |m3|(− cid

i
i(BT )
di

+ (a +

b)τI)(− cid
i
i(BT )T

di
+(a+b)τI)T ≤ |m3|

( cid
i
i(BT )T

di

cid
i
i(BT )
di

+

(a + b)τI(a + b)τI − (a + b)τ
cid

i
i

di
(BT )s

)
≤

|m3|
( cMdiu

M (BT )T

duu
m

cMdiu
M (BT )
duu
m

+ (a + b)τI(a + b)τI +

(a + b)τ
cMdiu

M

duu
m

(BT )s
)

≤ |m̂3|
( cMdiu

M (BT )T

duu
m

cMdiu
M (BT )
duu
m

+

(a + b)τI(a + b)τI + (a + b)τ
cMdiu

M

duu
m

(BT )s
)
, with

m̂3 =
duu
M

(duu
M +dpp

M )cMη2−2τduu
m

.
The derivation follows considering that the terms composing

the last inequality are semidefinite positive from construction
and if LMI (8) holds. Therefore the following bound can be
derived:

MSchur ≤ (AH)s+rH−2abduu
m τI+duu

M cMη1I
duu
M

+ |m̂3| ·

·
( cMdiu

M (BT )T

duu
m

cMdiu
M (BT )
duu
m

+ (a+ b)τ
cMdiu

M

duu
m

(BT )s
)
≤

(AH)s+rH−2abduu
m τI+duu

M cMη1I
duu
M

−
(
− cMdiu

M (BT )
duu
m

+ (a+ b)τI
)
m̂3I

(
− cMdiu

m (BT )T

duu
m

+ (a+ b)τI
)T

By the application of Schur complement, the latter term is
negative definite if LMIs (6)-(7)-(8) hold, thus implying the
definite negativeness of matrices M̃uu

i . Similar argumentations
hold for matrices M̃uu

j , thus assessing the definite negativeness
of M̃uu

ij . Therefore If LMI (6)-(7)-(8) hold, then M̃uu
ij < 0 for

all i, j. By the same procedure it can be derived that M̃pu
ij < 0

if LMI (5)-(7)-(8) hold. From (16) it follows that L̃ = L̇ +
τL < 0, namely, the exponential asymptotic stability of the
closed loop system (10) towards the zero equilibrium (e.g.
robust leader-follower consensus of the original MAS).

Remark 7: Theorem 6 addresses Problem 2 through the
solution of LMIs (5), (6), and (9) that have a size of 2n× 2n,
and LMIs (7) through (8) of size n × n. Importantly, the
number and size of these LMIs do not depend on the network
size N , thus ensuring that the approach is scalable and
well-suited for large-scale MAS applications. Furthermore,
it’s worth noting that these LMIs are distributed in nature,
eliminating the need for global information regarding the
Laplacian eigenvalues. Instead, they rely on features, such as
maximum/minimum degree and coupling strengths, which are
more easily measured or estimated in a distributed manner,
similar to other approaches discussed in the literature i.e. [7]

Remark 8: The stabilizability condition [A1], in conjunc-
tion with the form of the LMIs (5)-(6), make the feasibility of
LMIs suitable. For instance, being (AH)s+rH−2dppm abτI+
dMcMη1I and (dppMcMη2 − 2dppm abτ)I symmetric matrices,
solvibility of LMI (5) may be obtained by the existence of
sufficiently large τ > 0 to make the above terms strictly
negative diagonal dominant matrix.

Now we extend the approach to the case where the control
gains K and KL and the followers’ manipulable controls ui

are constrained. Namely, let the positive upper bounds k̂, k̂L
and ûi, i ∈ V , the following constraints have to be fulfilled;
∥K∥ ≤ k̂ and ∥KL∥ ≤ k̂L, ui ≤ ûi.
We make the following assumption:

Assumption 9: There exists ê such that ∥xi(t)−xj(t)∥ ≤ ê
∀i, j, t ≥ 0.

Corollary 10: Let k̂, k̂L, and ûi represent the given con-
straints on K, KL, and ui, respectively, and let ĥ and r
be positive scalars. If there exist positive constants τ and γ,
matrices S, T and H = HT > 0 solutions to the LMIs (5)-(9)
and to the following:[

H TT

T k̂2

ĥ
I

]
≥ 0;

[
H ST

S
k̂2
L

ĥ
I

]
≥ 0;

[
ĥI IT

I H

]
≥ 0

(17)
then the closed loop MAS (1)-(2)-(4) achieves global (resp.
local) robust exponential leader-follower consensus with a rate
proportional to r, for all nodes initial conditions belong to Rn

(resp. U) if the condition (3) is global (resp. local). The control
gains are designed as KL = SH−1 and K = TH−1 and fulfill
the given constraints. In addition if Assumption 9 holds and
ci ≤ ûi

bê(dik̂+k̂L)
for all i ∈ V , then it results: ui ≤ ûi.

Proof: If the first LMI of (17) holds, by Lemma 3 it
results: H − TT ĥT

k̂2
≥ 0 and hence KTK

k̂2/ĥ
≤ H−1. If the last



LMI of (17) holds, it results: H−1 ≤ ĥI . By application of
the S-procedure KTK

k̂2/ĥ
≤ ĥI , yielding: ∥K∥ ≤ k̂. A similar

procedure yields to ∥KL∥ ≤ k̂L. In addition by condition (3)
and Assumption 9 it results: ∥ϕ(t, xi) − ϕ(t, xj)∥ ≤ b∥xi −
xj∥ ≤ bê for all i, j. Hence by protocol (4) we may infer:
∥ui∥ ≤ cibêdi∥K∥ + cibêδi∥KL∥ = cibê(dik̂ + δik̂L). The
required input constraints ∥ui∥ ≤ ûi are fulfilled if it results:
ci ≤ ĉi =

ûi

bê(dik̂+δik̂L)
, ∀i, and the result follows.

IV. PARADIGMATIC INDUSTRIAL APPLICATIONS

In the following we will validate the proposed approach to
paradigmatic industrial applications. LMIs are solved by the
LMI-Matlab toolbox.

1) Numerical validation of a Warehouse Inventory Manage-
ment application: Drones are increasing warehouse inventory
management automation, efficiency, and accuracy by providing
functions such as inventory tracking and stock replenishment.
We consider a swarm of N = 6 robots implementing ware-
house inventory operations. Each drone is represented by a
double-integrator model for each coordinate in the space by
using a feedback linearization (see i.e. [25] and references
therein): A = [0 1; 0 0] ⊗ I3, B =

[
0 1

]T ⊗ I3, xi =
[pTi vTi ]

T with pi ∈ R3 and vi ∈ R3 representing position
and velocity in the space, respectively. The leader dynamic
is ẋ0(t) = Ax0(t) with x0(0) =

[
0 0 0 10 10 10

]T
while xi(0), i = 1, . . . , 6 are randomly selected. The com-
munication network is direct, with two robots connected to
the leader. Both the communications and position/velocity
sensors are affected by uncertainties represented by the form
ϕ(t, xi) = xi(1.5 − 0.5 cos(t)), i = 1, . . . , 6 and bounded
according the condition (3) with a = 1 and b = 2.
Moreover, a realistic scenario involves drones of different
masses, with some capable of carrying heavier loads and
others suited for lighter items, enabling efficiency handling
of diverse inventory items. In addition, drones have different
gains representing varying levels of agility and responsiveness.
Finally, imposing input control constraints on drones enhances
safety, efficiency, and performance, while also compliance
with regulations and promoting seamless integration with
human operators.
Therefore each robot i-th is affected by uncertain mass
[26], denoted as mi ∈ [m̌i, m̂i]. These uncertainties can be
represented as uncertainties in the corresponding equivalent
coupling gains c̃i =

ci
mi

, which affect the velocity dynamics.
Additionally, each robot must satisfy input constraints ûi,
implying upper bounds as derived from Corollary 10: c̃i ≤
ĉi = ûi

bê(dik̂+δik̂L)
. Therefore, the bounds of the equivalent

gains c̃i can be determined based on mass uncertainty and
input constraint as c̃i ∈ [ c̄i

m̂i
, c̄i
m̌i

], with c̄i > 0 such that c̄i
m̌i

≤
ĉi. In the considered example, let ûi ∈ [6, 12], i = 1, . . . , 6,
k̂ = k̂L = 0.4, a = 1, b = 2, r = 0.01, ĥ = 1, σ1 = 2,
σ2 = 0.5, parameters in Table I for the considered topology,
and all bounds of c̃i falling within the interval [0.05, 1.5], the
solution of LMIs (5)-(9) and (17) with respect to γ, τ , S
and T yields the design of KL = SH−1 and K = TH−1.
At the bottom of Fig. 1, the dynamic evolution of the leader
tracking error norm ∥ei∥ for the robot-followers is depicted,

Fig. 1. Bottom: leader tracking error norm ∥ei∥, i = 1, . . . , 6; Top:
followers’ control input norm ∥ui∥, i = 1, . . . , 6, (continuous lines)
and the maximum constraint value maxi ûi = 12 (dashed-dot line)

Fig. 2. Top and Left: wireless sensor nodes and experimental set-up;
Bottom-right: dynamic evolution of followers’ states xi, i = 1, . . . , 5
(continues lines) and leader reference x0 = 25 (dashed line)

showing robust tracking of the leader’s reference trajectory.
Meanwhile, the input constraints are satisfied (top of Fig. 1),
despite uncertainties in gains and the protocol.

2) Experimental validation of a robust distributed algorithm
for power grid and decision-making management: Now we
experimentally implement a leader-follower consensus-based
algorithm, widely used in both power grid management (i.e.,
[27], [28]) and decision-making for IoT networks [29]. In the
first case, the distributed secondary control (DSC) scheme
is devised by exchanging information among neighboring
Distributed Energy Resources (DERs), to update the nominal
voltage and frequency in each primary level control process
and further restore the terminal voltage and frequency outputs
to their reference values [27], [28]. This is distributively
implemented by a leader-follower consensus-based algorithm
over a cyber-network where the leader provides the reference
value for controllers, and all DERs agree with it.
Similarly, the use of a consensus-based algorithm over a
cyber-network is considered in decision-making at IoT edge
nodes in service-oriented applications to increase confidence
in the measurement data. Moreover, the algorithm can sup-
port decision-making in knowledge sharing and integration of
multiple services [29]. In the above applications the leader-
follower consensus algorithm is distributively carried out over
a cyber-network, implemented by a wireless network. In this
respect we experimentally validate the proposed approach by
designing a robust leader-follower algorithm (4) implemented



over a small cyber network composed of 5 off-the shelf
wireless sensor nodes (see i.e. top and left section of Fig.
2). The node gains are heterogeneous and uncertain with ci ∈
[2, 4]. Furthermore, we account for the presence of wireless
sensor communication and model/measurement uncertainties
as represented in the form of ϕ, bounded by a sector and
fulfilling (3) with a = 1, b = 3 (e.g. ϕ(xi) = 2xi + sin(xi)).
A ring topology is implemented with a leader reference value
x0 = 25. Let r = 0.05, σ1 = 2, σ2 = 0.5, the solutions of
LMIs yield: KL = 0.34, K = 0.2. At the bottom-right of Fig.
2, the dynamic evolution of followers (continuous line) and
leader (dashed-line) reference states shows the achievement
of robust leader follower consensus in real experiment, despite
the presence of uncertainties.

V. CONCLUSIONS

The paper presents LMI conditions for the distributed design
of the leader-follower consensus protocol for uncertain Multi-
Agent Systems (MASs). Such a framework involves bounded
heterogeneous gains (due to uncertainties or input constraints)
and communication disruptions, the latter represented by in-
cremental sector-bounded functions. The proposed LMIs are
distributed, scalable and computationally efficient, as they do
not depend on the number of nodes. Consequently, they are
well-suited for handling large-scale industrial and civil MAS
applications. The proposed design approach is numerically and
experimentally validated in illustrative industrial scenarios.
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